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Al Is still in early Adoption

Percentage of Respondents

o ® 06
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n

Tl
|

@ @
No interest Plan to deploy 2-3 Will deploy 12-14 Will deploy next 12 Have already
years months months invested and

deployed

Q: What are your organization's plans in terms of artificial intelligence?
Base: All Answering, n = 2,882
Source: Gartner 2019 ClIO Survey © 2019 Gartner, Inc.
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Top Benefits achieved with Al

Making employees
more productive

Enhancing existing products
and services

|
42% I .
I Making processes more
: efficient
40% |
|
: @ Improving decision-making
38% I
|

Discovering new insights @

YW ——m—m—m—m—mm e +——o—————————————— — — — — —

| Creating new products and

Percent who achieved outcome to a high degree

| services
34% Enabling new busine.ss |
models . .I
Lowering costsl
32% |
@ Reducing headcount I
|
30% I
10% 15% 20% 25% 30%

Percent who reported the benefit as a top-two objective

Note: Blue dotted lines represent the average of each dimension.
Source: Deloitte, State of Al in the Enterprise, 3rd Fdition, 2020.
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Top Challenges for Al Adoption

Most significant barriers organizations face in adopting Al,' % of respondents

Lack of clear strategy for Al

Lack of talent with appropriate skill sets for Al work

Functional silos constrain end-to-end Al solutions

Lack of leaders’ ownership of and commitment to Al

Lack of technaological infrastructure to support Al

Lack of available (ie, collected) data

Uncertain or low expectations for return on
Al investments

Underresourcing for Al in line organization

Limited usefulness of data®

Personal judgment overrides Al-based
decision making

Limited relevance of insights from Al

Lack of changes to frontline processes
after Al's adoption

'This guestion was asked only of respondents who said their organizations have piloted or embedded Al in 1 or more
functions or business units, Respondents who said “other” or “don’t know/not applicable” are not shown; n = 1,646,

“That is, not accessible to or compatible with Al systams.

McKinsey&Company
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Top 3 challenges to Al/ML adoption

Sum of 1 to 3 rank

Enterprise maturity

Skills of staff
Data scope or quality

Governance issues or concerns

| 56%
| 34%

B 13+

Fear of unknown

Understanding Al benefits and uses
Security or privacy concerns
Measuring the value

Risk or liabilities

| 42%
B 20*

B 17

Il s>

Finding a starting point
Finding use cases
Defining the strategy

Finding funding

K
I 25
N 12~

Vendor strategy

Integration complexity

Confusion over vendor capabilities

I 26
Bl 10~

gartner.com/SmarterWithGartner

@ 2019 Gartner, Inc. andfor ite affillates. All ights reserved. CTMKT_TS4603
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Defining Data Literacy:
The New Core Capability of Digital Society

People

Technology Process Technology

Al Outcome

Process Technology

Al Decision Model/Algorithm

Al Signal Data Al Training Data
C

“0

© 2019 Gartner, Inc.
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Data Quality

Quality & Quantity

Data Labeling

‘ Validation
Modeling
Data : .
Integration interpretability
Data
Data Processing Bias
Acquisition
Data Pipeline O p—

Data Challenges
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Complex Al infrastructure stack

EXPLORE / TRAINING PRODUCTIONIZE / INFERENCE
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Integration Complexity

Organizations’ adoption of Al capabilities, % of respondents

B Embedded in business B Embedded in business Piloted in at least
processes in multiple processes in at least 1 function/business unit
functions/business units 1 function/business unit
At the most digitized companies® At all other companies
rganizations th re ah In their digital
Organizations that are ahead their digita Vachine learmine m . »
transformation journey are also the ones i agen
anizrﬁast‘isgn?ﬂoi;terfaces 2 = e S =
successfully adopting Al solutions. But then Natural-language text
understanding = = S S —
there are Organizations with outdated IT  Roootic process
automation 15 20 19 ! 15 23
Infrastructure with clunky legacy systems, Natural-|
y g y y sp?e:cah ua;c:?;rz?;nding & 2 n 2
struggling to adopt AI/ML. Computer vision m o o
MNatural-|
e . n -
Physical robotics 14 10 12

(=)
= E
oo}

Autonomous vehicles 2 H 9
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Scarcity of Field Specialists

Where are the biggest skills gaps within your organization,
related to machine learning and Al adoption?

ML modelers and data scientists

The number of Al experts that know how to
Understanding and maintaining

aset of business use cases apply the tech to a given business problem is

very limited So is the number of good data

Skill

Data engineering

scientist
Compute infrastructure

Other

0% 10% 20% 30% 40% 50% 60%
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The lack of Al know-how among non-technical
employees hinders Al adoption in many fields

Constituents/Digital Citizens
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. Sentlment Information Spam filtering
Search engines analysis (or Retrieval for email
opinion mining)
Speech and Spoken Structural
handwriting language Stock analysis health
recognition understanding monitoring
Syntactic Topic spotting: Weather
pattern categorize rediction Face Detection
recognition news articles P
Fln.anc_e B . Platform/Softw Internet fraud
Derivatives Game playing are As 3 Service detection
Trading
Machine Medical Brain machine
: . . Mood analysis interface in
translation diagnosis prosthetics
choaprte:{c::;r Recommendati Robot Advertising -
- on systems locomotion Targeting
recognition
Automatic . Computer
Classifying DNA
Bioinformatics word <o f:engces Vision — Object
completion q Recognition
Customer Detecting
; Credit Card
Segmentation Eraud

Select Right Business use case

Retail

Automotive

Logistics

Healthcare

Medical

Oil and Gas
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= Artificial Intelligence in retail has redefined customer
segmentation, marketing and customer experience
(provide examples)

*This sector has seen a tremendous shift to artificial
intelligence through autonomous cars

sDisruptive models powered by Al are eliminating the
need for traditional Driver and Package Handler jobs

= Artificial Intelligence has led to development of
health management functions like lifestyle
management, drug discovery, hospital management
etc.

= Applications of Artificial Intelligence finds their way
in diagnosing Cancer. Deep Learning drops error rate
for breast cancer diagnoses by 85%

*Companies are leveraging machine learning and Al
technologies to increase production and to optimize
costs




Difficulty assessing Vendors

Product / Services

Vendor track record

Time & Cost
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Al Implementation Risks

W Fully prepared B Major/extreme concern

Cybersecurity vulnerabilities

Al failures affecting business operations

Consequences of using personal data
without consent

New and changing regulations @

Liability for decisions and actions

made by Al systems

Making bad decisions based

on Al recommendations

@
@
&
@
Lack of transparency @ @
@
e
@
@

Ethics issues

Negative employee reactions

Backlash from customers 38%

Potential job losses from
Al-driven automation

Source: Deloitte, State of Al in the Enterprise, 3rd Edition, 2020.
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Al Strategy

Management Technology Management Technology
Which applications, How mature/complex What people, How should the
processes, or are solutions? How partners, and tech stack, data,
problems should will they be piloted organizational and scale-up be

we consider? and scaled? changes are needed? managed?

L4 L4 b

Vision Focus Success Capabilities Management
What is our Where should How will Al What do we systems
level of Al we concentrate deployment need to execute What systems
ambition? our Al create value? our Al strategy? will implement
investments?

and manage
Al?

—

: :
& é ®

Technology Management Technology Management
Which Al technolo- How will value be What platform  What should operating,
gies and what level defined/measured? data and other governance, and
of human involve- How will ethics be

technical changes change management

ment are needed? addressed? are needed? approaches be?

The keys to a successful Al strategy are to have a well-defined business problem to solve and to have a
sound data management program in place to ensure you have the data to solve the business problem.
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Pursue Data Driven Culture

What is the data required for the project ?
Where will this data come from?
[s internal data enough or external data ?

What data do you already have?

How to ensure data is stored in a secure way?
Who's responsible for data-handling?

How to make sure your use of data is GDPR-
compliant as well as ethical?

What data shouldn’t be used even if it's in your
database?

How to identify bias in your data?
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Choosing the right Vendor for Al Solution

How is the product superior to current options that have no Al?

Make sure vendor has true Al

capabilities

Once the product installed, how will its performance improve through Al?

Provide vendor with clear business

. How should | expect to devote staff and time to such improvements?
requirements

How can | see that will happen with data that is related to my project?

Assure vendor can provide support for

your users _ . _
What data and compute requirements will | need to build the models for the

solution?

What resources are available to gather and refine data that the Al solution
can use such that its outcomes improve?
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How Al Adaptors manage the risks of Al Implementation?

Starters Skilled Seasoned

Improved

Keeping a formal inventory of all Al implementations 32% 35% 35%
knowledge ping Y : = ) =
Aligning Al risk management with broader risk 0 o o
Better management efforts 32% 37% 43%
alignment
Having a single executive in charge of Al-related risks 22% 27% 28%
Conducting internal audit and testing 39% 38% 43%
Auditing
and testing ., i i -
g outside vendors to conduct independent audit 0 o o
and testing 32% 37% 36%
Training practitioners how to recognize and resolve 0 o
ethical issues around Al 36% 39% 43%
. Collaborating with external parties on leading practices o o o
Addressing  around Al ethics 31% 35% 43%
ethics
Ensuring that our Al vendors provide unbiased systems 29% 32% 39%
Establishing policies or a group/board to guide Al ethics 35% 34% 37%

Source: Deloitte, State of Al in the Enterprise, 3rd Edition, 2020.
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Quick Wins

A

Buy more — Build more——>

Buy all Buy more than build Even blend Build more Build
than buy all

Source: Deloitte, State of Al in the Enterprise, 3rd Edition, 2020.

Early Adaptors use or integrate existing platforms for short term goals

Partnership with another Use outside team to get a bird’s-eye view of the
company complete technology infrastructure and suggest
necessary changes in one go
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